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Abstract. In this paper, we use the dual variable to propose a new cyclic iterative algorithm for solving the multiple-set split
common fixed-point problem of averaged operators in Hilbert spaces. Inspired by the idea of parallel iterative algorithms,
we also introduce two mixed iterative algorithms which combine the process of cyclic and parallel together. Under mild
assumptions, we prove weak convergence of the proposed iterative sequences in Hilbert spaces. As applications, we obtain
several iterative algorithms to solve the multiple-set split feasibility problem.
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1. INTRODUCTION

The multiple-set split feasibility problem (MSFP), first introduced by Censor et al in [1], is a general
way to characterize various linear inverse problems which arise in many real-world problems, such as,
medical image reconstruction [2] and intensity-modulated radiation therapy [3, 4]. The multiple-set split
feasibility problem is required to find a point in the intersection of a family of nonempty closed convex
subsets in one space such that its image under a certain operator is in the intersection of another family
of nonempty closed convex subsets in the image space. Let H; and H, be real Hilbert spaces and let
A: Hy — H, be a bounded linear operator. Given integers p,r > 1, the MSFP is formulated as finding a
point x* satisfying the property:

P r
x* € (G such that Ax* € () Q;, (1.1)
i=1 j=1

where {C;}?_, and {Q j}/—1 are nonempty closed convex subsets of H; and Hy, respectively.
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The MSFP (1.1) with p = r =1 is known as the split feasibility problem (SFP) originally introduced
by Censor and Elfving [5] which is formulated as finding a point x* satisfying the property:

x* € C such that Ax* € Q, (1.2)

where C and Q are nonempty closed convex subset of H; and H;, respectively. The iterative methods for
solving the SFP and MSFP have been paid much attention in recent years.

Note that, if the SFP (1.2) is consistent (i.e., it has a solution), the SFP (1.2) can be formulated as a
fixed point equation by using the fact

Pc(l — ’}/A*(I — PQ)A)X* = x*, (1 3)

where Pc and Py are the (orthogonal) projections onto C and Q, respectively, ¥ > 0 is any positive
constant and A* denotes the adjoint of A. That is, x* solves the SFP (1.2) if and only if x* solves the fixed
point equation (1.3) (see [6] for the details). This implies that we can use fixed point algorithms (see
[7,8,9,10, 11, 12, 13, 14]) to solve the SFP. Byrne [15, 16] proposed the so-called CQ algorithm which
generates a sequence {x; } by

Xky1 = Pe(xx — YA™ (I — Pp)Axy,), (1.4)

where 7 € (0,2/A) with A being the spectral radius of the operator A*A. The CQ algorithm only involves
the computations of the projections Fc and Py onto the sets C and Q, respectively, and is therefore
implementable in the case where Pc and Py have closed-form expressions.

Since every closed convex subset of a Hilbert space is the fixed point set of its associated projection,
problems (1.1) and (1.2) are special cases of the so-called multiple-set split common fixed-point problem
(MSCFP). Let p,r > 1 be integers, {U;}!_, : Hi — H; and {T,-};-:l : Hy — H, be nonlinear operators and
A: Hy — H, be a bounded linear operator. The MSCFP can be formulated as the problem of finding

P r
xte ﬂF(U,-) such that Ax™ € ﬂ F(T;), (1.5)
i=1 j=1
where, for 1 <i<pand 1< j<r, F(U;) and F(T;) stand for the fixed point sets of U; : H; — H; and
T; : Hy — H», respectively. In particular, if p = r = 1, then MSCFP (1.5) is reduced to finding a point x*
with the property:

x* € F(U) suchthat Ax* € F(T), (1.6)

which is usually called the split common fixed-point problem (SCFP). The concept of the SCFP in
finite-dimensional Hilbert spaces was originally introduced by Censor and Segal [17] who proposed and
proved, in finite-dimensional spaces, the convergence of the following algorithm for the SCFP of directed
operator with nonempty fixed point sets:

X1 = U + YA (T —Axy), k€N,

where v € (0, %) with A being the largest eigenvalue of the matrix A’A(A’ stands for matrix transposition).
Some authors have introduced some algorithms to solve SCFP (1.2) (see [18, 19, 20, 21]).

Many iterative algorithms have been developed to solve the MSCFP and the MSFP. See, for example
[22, 23, 24, 25, 26, 27, 28, 29, 30] and references therein. For solving the constrained MSFP, Censor et.
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al. [1] introduced the proximity function:

1 & 1 ¢
g(x):= 5 ) aillx—Pex|* + 5 ) BjllAx— Py, (Ax)|I%, (1.7)
i=1 j=1

where o; >0 (1 <i<p),B;>0(1<j<r)and¥? ai+Y_B;=1. Then

Mw

Ve(x) =) ai(x—Pex +ZB} PQj(Ax))

I
—

and they proposed the following projection method:

X1 = Po(x — YVg(xi)), (1.8)

where Q is the constrained set, 0 < 7. <y < Y < % and L is the Lipschitz constant of Vg.
Wang and Xu [31] proposed the following cyclic iterative algorithm for the MSCFP (1.5) of directed
operators:

X1 = Uy, (i + YA (T, — DAxz), (1.9)

where 0 <y <2/p(A*A), [k]; :=k( mod p) and [k]» := k( mod r). They proved the weak convergence
of the sequence {x;} generated by (1.9).

Assume that {a;}]_; C (0,1), {n;}'_; € (0,1) with -7, @; = 1 and }.}_; m; = 1, and A = p(A*A),
0<a<y<b<2/A.Forsolving the MSCFP (1.5) of directed operators, Tang and Liu [32] introduced
the parallel iterative algorithm by the following way:

X1 = Zw, xk+yk2n, (T; —D)Axy). (1.10)
Jj=

They also proposed inner parallel and outer cyclic iterative algorithm:
X1 = Upg, (i + % Z n;A*(T; — I)Axy)
and outer parallel and inner cyclic iterative algorithm:
Xkl = sz (e + %A™ (Tig, — DAx),

where [k]; = k( mod p) and [k], = k( mod r). They obtained the weak convergence of the above three
iterative sequences to solve the MSCFP (1.5) of directed operators.

In this paper, we use the dual variable to propose several iterative algorithms for solving the MSCFP
(1.5) governed by averaged operators. In [33], Chen, Huang and Zhang designed and discussed an
efficient algorithm framework for minimizing the sum of two proper lower semi-continuous convex
functions, i.e.,

x* = argmin fi (x) + f2(x), (1.11)

where f1, f> € Io(R") (all proper lower semi-continuous convex functions from R” to (—eo, +e0]) and f>
is differentiable on R" with 1/f-Lipschitz continuous gradient for some 8 € (0,+o0). To solve convex
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separable problem (1.11), they obtained the following fixed point formulation: the point x* is a solution
of (1.11) if and only if there exists v* € R" such that

V= (I—prox%fl)(x* — V() + (1= A,
X =x"—yVh(x) — v,
where A and Y are two positive numbers. They introduced the following Picard iterative sequence:

vierr = (L= proxy ;) (% — YV f2 (o)) + (1 = A)w),

Xier1 =X — YV o (xk) — Avigr.

(1.12)

It was shown [33] that under appropriate conditions {x; } converges to a solution of problem (1.11). Since
x is the primal variable related to (1.11), it is very natural to ask what role the variable v plays in above
algorithm. After a thorough study, they found out that v is actually the dual variable of the primal-dual
form related to (1.11).

Motivated by [33], by optimization approach, Zhao and Zong [34] proposed the following algorithm
to solve SFP (1.2)

Yk = X — WA* (I — Pg)Axy,
virr = (I = Po) (e + (1= A)w), (1.13)
Xkt 1 = Yk — AVigr,

where 0 < liminfy_. % < limsup;_,, ¥ < W and 0 < A < 1. When A = 1, algorithm (1.13) becomes
the CQ algorithm (1.6). They obtained that the sequence {x;} weakly converges to a solution of SFP
(1.2).

Inspired and motivated by the works mentioned above, we use the dual variable to propose a new
cyclic iterative algorithm for MSCFP (1.5) governed by averaged operators. We also propose two mixed
iterative algorithms which combine the process of cyclic and parallel iteration together. As applications,
we obtain several iterative algorithms to solve MSFP (1.1).

The contents of this paper are as follows. First, we give some useful definitions and results for the
convergence analysis of the iterative algorithms in next section. Second, we prove weak convergence
theorems of the proposed cyclic iterative algorithm with the dual variable. Finally, we prove weak
convergence theorems of two mixed iterative algorithms.

2. PRELIMINARIES

Next, we denote the inner product by (-,-) and the norm by || - ||. Let I denote the identity operator on
Hilbert space H. We denote the fixed point set of an operator T by F (7). We denote by — the strong
convergence and by — the weak convergence, respectively. We use @, (xx) = {x : Jx;; — x} stand for
the weak @-limit set of {x; }.

Definition 2.1. An operator T : H — H is said to be
(i) nonexpansive if ||Tx —Ty|| < ||x—y|| forall x,y € H,
(i) firmly nonexpansive if 27" — I is nonexpansive or, equivalently, for all x,y € H,

I1Tx = Ty|* < [lx=yI* = | (x = y) = (Tx = Ty) 1%,
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(iii) firmly quasi-nonexpansive (also directed) if F(T) # 0 and
(x—q,Tx—q) > |Tx—q|?, Vx€H, Vge F(T)

or, equivalently,
ITx—ql* < |x—gl* = |lx = Tx|?, Vx€H, Vg€ F(T).

Definition 2.2. An operator 7 : H — H is said to be an averaged operator if it can be written as the
average of I and a nonexpansive operator, that is,

T=(l-o)l+as,

where ¢ is a number in (0,1) and S : H — H is nonexpansive. More precisely, when the above equality
holds, we say that T is -averaged.

Remark 2.3. T is -averaged if and only if the following inequality holds:

-«
1T = Ty* < [lx—yI* ~ —g NI=T)x— (I T)y|?

forall x,y € H.

Definition 2.4. An operator T : H — H is called demiclosed at the origin if, for any sequence {x, } which
weakly converges to x, and if the sequence {Tx,} strongly converges to 0, then Tx = 0.

Definition 2.5. Given a number & > 0, T : H — H is said to be ¢-inverse strongly monotone (o-ism) if
<)C7y, Tx— Ty> > (X”TX7 TyHZa an}’ €H.

Recall that the metric projection from H onto a nonempty closed convex subset C of H, denoted by
Pc, is defined as follows: for each x € H,

Pe(x) = argmin{]|x —y| }.
yeC
It is well known that Pcx is characterized by the inequality:
Pex€C, (x—Pex,z—Pcx) <0, z€C.

The following lemmas will be helpful for the convergence analysis of the proposed iterative algo-
rithms.

Lemma 2.6. Let H be a real Hilbert space. Then
2(x,y) = el + Iyl = e =yI17 = x4+ 317 = x> = [y]°, Vay € H. (2.1)
Lemma 2.7. [35] Let H be a real Hilbert space. Then for all t € [0,1] and x,y € H,
x4+ (1 —=0)y[|> = tl|x||* + (L =) [yl|* =2 (1 =)l —y]*-
Lemma 2.8. [36] Let H be a real Hilbert space. Then
|| otox0 + QX1 + 02 + Qax3 4+ - 4 o || 2 < 20 o |xil |2 — a0t [l — x|
forany s,;t €{0,1,2,--- ,r} and forx; e H;i=0,1,2,--- ;rwithop+o;+---+0=1and 0 < oy < 1.

Lemma 2.9. [16] T is averaged if and only if the complement I — T is v-ism for some v > % Indeed, for
a € (0,1), T is a-averaged if and only if [ — T is i—ism.
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Lemma 2.10. [6] Let K be a nonempty closed convex subset of real Hilbert space H. Let {x;} be a
bounded sequence which satisfies the following properties:

(i) every weak limit point of {x; } lies in K;

(ii) limy_,o. || Xk — x|| exists for every x € K.
Then {x;} converges weakly to a point in K.

Lemma 2.11. [37] Let E be a uniformly convex Banach space, K be a nonempty closed convex subset of
E and T : K — K be a nonexpansive mapping. Then I — T is demi-closed at origin.

3. THE CYCLIC ITERATIVE ALGORITHM

In this section, we introduce a new cyclic iterative algorithm and prove the weak convergence for
solving the MSCFP (1.5) of averaged operators with the dual variable.

In what follows, we adopt the following assumptions:

(A1) T" denotes the solution set of the MSCFP (1.5) and I' is nonempty;

(A2) U;: Hi — H, (1 <i < p) is s;-averaged operators and 7 : H, — H, (1 < j <r) is t;-averaged
operators, s =max{s;: | <i<p}andsr=max{t;: 1 < j<r}

(A3)Vk >0, j(k) =k( modr)+1,i(k)=k( modp)+1.

Algorithm 3.1. Let xg, vg € H; be arbitrary. For k > 0, let

Vi = Xk — WA (I — T ) Axi,
Vi1 = (= Uiy) (v + (1 = A)w), G.1)

Xier1 = Yk — AViet,s

where ¥, € (0, t\lziHZ)’ 0<A<1.

Theorem 3.2. Assume that 0 <s < % and 0 < liminfy . % < limsup;_,,, % < Then the sequence

1
tllAl*
{x1} generated by Algorithm 3.1 weakly converges to a solution x* of MSCFP(1.5). Moreover,

Xk+1 —
x|l = 0 and ||Axs 1 — Axy|| — 0 as k — oo.

Proof. Firstly, we show that limy_,. ||xy —x*|| exists for any x* € I'. Taking x* € I', we have x* €
le F(U;) and Ax* € ﬂ;le(Tj). For 1 <i<pand1<j<r as U and T, are s;-averaged opera-
tors and #;-averaged operators, respectively, it follows from Lemma 2.9 that / — U; and I — T are %vi-ism

and zitj—ism, respectively. Thus, from Algorithm 3.1, we have

Vit [IP = 11 = Usgo) e+ (1 = A)ve) = (I = Uy )x*|1?
< 28 ((1 = Ujgay) 0+ (1 = A)vi), e — X" + (1 = A)wg) (3.2)
<25V, 6 — X+ (1= 2A)wp)

and

k1 —x* )2 = [lyk — Avigr —x*|| 33)
= HYk—X*HZ—ZM)’I«—X*,VHO+7Lz||vk+1”2- '



THE MULTIPLE-SET SPLIT COMMON FIXED-POINT PROBLEM OF AVERAGED OPERATORS
Then we can get

k1 = X7+ A vigr 1P

=lye — 212 =22 Ok — X", V1) + A2 v 1P+ A i )

. . A 1
=||ye —x*[> = 24 (ye — x ,Vk+1)+;||Vk+1H2—7L(;—1—7\)!\Vk+1||2
* % * 1
SH)’k—X ||2—23~<)’k—x ,Vk+1>+27L<Yk—x +(1_A‘)Vkavk+1>_A(;_l_)‘)Hvk-HHz
" 1
=|lvx —x H2+2/1(1—/1)<Vk,vk+1>—7t(;—1—/I)HVkHHZ-
Since
A=) et = vl = A1 = ) (Iveet® = 201 ve) + vl ),
we obtain
b1 =21+ A vies 12
. 1
<|lyxk —x HZ+7L(1—7L)HV/<H2—7L(1—A)HVkH—Vk\lz—/l(;—2)HVk+1H2-
Since
(e = x5 AT (I = T )Axi) =(Ax — AX", (I — Tjgy)Axi — (I — Tr) )JAX™)
1 «
=5 1(I = Ty Axi — (I — Ty JAx*|)?
j(k)
1 2
ZZH(I_Tj(k))Aka ;
we have

lye —x*||?
=|lxk — NA*(I — Tjz) ) Axy — x*||?
<l =X 1* = 2% Qo — ", A (1= Ty )Axe) + R NAIP (T = Ty )Axe |
<l =1 = %II(I* Tju)Axl >+ AN 1 (T — Tjen) ) Axe |
= —x||* — }’k(% — WA = Ty ) A >

From (3.6) and (3.8), we obtain
[Pt =2+ Ay ||
S Yk(% — AP = Tja)Axel* + A (1= 2) vi|®

1
= A(1=2)[vir — il —AG = 2)[[ver|?

. 1
== |12+ Aell? = % = Wl AN = Tyag ) Asi]|* = A% vl

1
= A (1= ) [[vierr — e ? —AG =2) e

34

3.5)

(3.6)

3.7

(3.8)

(3.9)

Let c; = ||xx —x*||> + A||vi||*>. By the assumptions on {};}, A, s, and from (3.9), we can get ¢; 41 < ¢;.

That is the sequence {c;} is non-increasing and lower bounded by 0, so limy_,. c; exists. Then we can
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get {c} is bounded and hence {x;} is bounded. Moreover, from (3.9), we also have

1
%l = WA = Tygg)Asel> + A% P < = cun,

which implies that

lim [[( =Ty ) A =0 (3.10)
and
li =0.
kggHVkH 0 (3.11)

S0 limy e [J2x — x*[|? = limy_eo(cx — A||vi||?) = limy_e0 cx exists. By using Algorithm 3.1 and (3.10),
we have
Hm [l —yi| = lim Wl|A" (7 = Tje) JAxi]| = 0. (3.12)
It follows from (3.11), (3.12) and
|k — Uiy |

=[xk — vk — (1 = 2)vie + (I = Uygay) vk + (1 = 2)vie) + Ujgaey 0k + (1 = A)vi) = Uy x|

S =k = (1= )il + [ = Ujga)) 0k + (1 = A)vid) [ + 1Wjay ke + (1 = A)wie) = Uil |-+ (3.13)

<2 = yie = (1= )viell + [|(1 = Ui ) (v + (1 = A)wi) |

<2l = yall +2(1 = ) [Jvill + Vi1 |

that
lim ||xk - Ui(k)ka =0. (314)
k—yo0
By (3.11) and (3.12), we also have
lim [l — x| = im ||ye — Aviesr — x| =0, (3.15)
k—yo0 k—yoo

which infers that {x; } is asymptotically regular. Then we have
lim ||Axk+1 —Aka =0. (316)
k—yoo

So {Ax;} is asymptotically regular.

Next, we prove that @,,(x;) C I'. Assume that X € @, (xx), i.e., there exists a subsequence {x;, } of {x; }
such that x;, — X, then Ax;, — AX. Noting that the pool of indexes is finite and {x;} is asymptotically
regular, for any i € {1,2,---, p}, we can choose a subsequence {k;, } C {k} such that x;, — Xasm — oo
and i(k; ) = i for all m. It turns out that

Im

T /(1= U, || = Tim (1~ Uy, )i, | = 0. (3.17)
By the same reason, forany j € {1,2,---,r}, we can choose a subsequence {k;, } C {k} such that Ax;, —
AX as n — oo and j(k;,) = j for all n. It turns out that

Tim [[(1 — T))Ax, | = lim [|(1 — Ty, ) JAxe, | = 0. (3.18)

It follows from (3.17), (3.18) and Lemma 2.11 that X € (\/_,; F(U) and Ax € (\}_; F(T). So X € I, and
hence @, (x;) CT.

Finally, by Lemma 2.10, we can get x; — x*, where x* is a solution of the MSCFP (1.5). And by
vk — 0, we have (vg,x;) — (0,x%) as k — oo. O
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Now, we give an application of Theorem 3.2 to solve MSFP (1.1). Let {C;}?_, and {Q it are

nonempty closed convex subsets of real Hilbert space H; and H», respectively. It is well known that the

. . . . . . 1
orthogonal projection operator is firmly nonexpansive, and a firmly nonexpansive operator is 5-averaged.

Assume that the solution set @ of MSFP (1.1) is nonempty. From Theorem 3.2, we can deduce easily
the following results for solving MSFP (1.1).

Corollary 3.3. Let {(vi,xx)} be the sequence generated by

X0,vo € H| chosen arbitrarily,
Yk = Xk — YkA* (I - PQ.,'(k) )Axka
Vi1 = (I = Peyy ) i+ (1= A)we),

Xir1 = Yk — AVit1,

(3.19)

where 0 <A < 1and 0 < liminfy_, % < limsup;_,., % < W. Then the sequence {x; } weakly converges
to a solution x*, where x* € ®. Moreover, ||x; — xi11|| — 0 and ||Axy — Axpy1]| — 0 as k — oo.

Remark 3.4. When A = 1, for solving MSFP (1.1), algorithm (3.19) becomes the following cyclic
iterative algorithm:

Xer1 = Poy, (xx — WA (I — Py, )AXg). (3.20)
So, Theorem 3.2 extends the related results of Wang and Xu [31] for solving the MSFP.

4. THE MIXED CYCLIC AND PARALLEL ITERATIVE ALGORITHMS

In this section, for solving the MSCFP (1.5) of averaged operators, we introduce two mixed cyclic
and parallel iterative algorithms which make full use of the two methods’ structure, and prove the cor-
responding convergence of the mixed iterative algorithms. We go on making use of the assumptions
(A1)-(A3) and adopt the following assumption:

(Ad)forall 1 <i< p, 1< j<r,the sequences {o}, {B/} C [0,1] such that " o =1 and Z;Zlﬁkj =
1 (Vk >0).

Algorithm 4.1. (Inner cyclic and outer parallel iterative algorithm) Let xo € Hy,yo € H; be arbitrary. For
k>1,
Vi = Xk — WA (I = Tj) ) Axy,
vierr = (I =X oqUs) (v + (1= A)wi), 4.1
X1 = Yk — AViy1,

where ¥ € (0, t\l/l\lz)’ 0<A<1.

Theorem 4.2. Assume that 0 < s < 1, 0 < liminfy_,e 7% < limsup;_,., % < W and liminfy_e 0 >
0(1 <i < p). Then the sequence {x;} generated by Algorithm 4.1 weakly converges to a solution x* of
the MSCFP (1.5). Moreover, ||x; — x+1|| — 0 and ||Axy — Axgy1|| — 0 as k — oo.

Proof. Firstly, we show that limy_,. ||xx — x*|| exists for any x* € I'. Taking x* € I', we have x* €
P F(Ui) and Ax* € N, F(Tj). For 1 <i<pand1<j<r, as U and T} are s;-averaged opera-
tor and #;-averaged operator, respectively, by Lemma 2.9, it follows that I — U; and I — T; are %,[_—ism and
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21 -ism, respectively. Thus, from Algorithm 4.1, we have

et |® =1 = (@ Ut + 06Uz + -+ Up)] (v + (1 = A)wi) I

=0y (1 = Un) i+ (1= 2)vi) -+ 0 (1= Up) i+ (1= 2)wi) |
<oy |1 = Un) G+ (1= 2w [P + -+ o (1 = Up) (i + (1 = A)wi) |

+ ol ||(I=Up) (yx+ (1= A)wi) — (I = Up)x’|?
<2510 (T —Uy) k4 (1 = 2)vi), 0k —x* 4+ (1= A)vge) + -
+2sp0 (1= Up) (v + (1= A)vi), 3k — x4 (1 = A)w)

L25(Vir 1,0k — X+ (1= A)wg)

)
)
=0y || (1 = Ur) e+ (1 = A)vi) = (I = Up)x* [P +
)
)

and (3.3) holds. From Theorem 3.2, we get that inequality (3.6) holds, i.e.,

ot =212+ A v |
1

<lyie= 12+ A1 = A) [l = A (1= A v = vl = A = 2) v |1

By the proof of Theorem 3.2, we obtain that inequalities (3.7) and (3.8) hold. So, we can get

ki1 — X%+ A v |2

. 1
<= |12+ AVl = (= Bl = Ty A [* = A% |viel |

1
= A (1= A) [y — e ? —AG =2) vt

Let ¢; = ||xx —x*||> + A||v¢|?. Similar to the proof of Theorem 3.2, we have

Tim [(7 = Ty A =

li =0
kgg”"kﬂ

and limy . |[xx — x*||? = limy .. c exists. Then we have that {x;} and {y;} are bounded.

Now, we prove that
lim ||xk — Uika =0
k—»o0
forall 1 <i < p. By Algorithm 4.1, we have

k1 —x* ]2 = vk — Avigr — 7|

= [lyk = x* 112 =24 ier 1,3 =) + A2 i |12,

which implies that

Iy =21 = ot =17 22 (e, 3= 27) = A v |

It follows from (4.5), the boundedness of {y;} and

Va5 36 =X < lvesa |- flve =7

that

lim ||y — "] = im [[xes1 —x"[| = lim []x — x|
k—yo0 k—yo0 k—yoo

4.2)

4.3)

4.4)

4.5)

(4.6)

4.7)

(4.8)

(4.9)
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exists. Similarly, from

e = Avie = x> = Iy — x> = 24 (v, yie — 1) + A2 v |
and
v+ (1= 2)vie = x| = [lye = 1P 4+ 2(1 = A) (v, yie — ) + (1= 2)? || v,
we get
lim ||yy — Ave —x*|| = lim |[yg + (1 = A)vg —x*|| = lim |Jxg — 7|
k—ro0 k—yo0 k—yo0
On the other hand, we have

Xip1 = Yk — AVig1

e Al (1= A= Y Ui+ (1— )]
i=1

=(1=A)y—A(1-24 Vk+lzak (e + (1 =2)v)

i=1
=(1=2)(k—Av) +2 Z Uiy + (1= A )vi).
i=1
It follows from (4.11) and Remark 2.3 that

ka+1 —X*”z

v
<(1=A)[lye = Ave =22 + ALY, Ui+ (1= AJvi) = 27|

i=1
P
<1 =)y —Ave =P+ A Y | Ui+ (1= A)wg) —x*||?
i=1
<(1=2)|lye — Ave —x*|)?

l—S,'

+Aiaﬁ(uyk+<1_a>Vk—x*r\2— == U)ot (1= 2)w0)l?)

<(1=2)lyx — Ave =X 2+ Alye+ (1= A) v — x|
A1—s) &
U= S (= U e+ (1= A2

i=1

which implies that

=)V (- U (e + (1 AP

i=1
M)y = Ave =2 Alyic+ (1= Awg = 2|12 = s — 2712

From (4.10), (4.13) and the conditions on {a/} (1 <i < p), we have
tim (7~ U) i+ (1~ 2)w) | =0
forall 1 <i < p. By Algorithm 4.1, we have
ek = yell < Tl - [JAL} - [[(2 = T J A

It follows from (4.4) that

lim ||x —yi]| =0
k—yoo

(4.10)

4.11)

(4.12)

4.13)

(4.14)

4.15)

(4.16)
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From
[l — Uixe|
=[xk —ye — (1= A v+ (I = Up) i+ (1 = A)vi) + Ui (i + (1 = A)ve) — Ui |
<k =y = (L=l + 1 (1= Ui) (e + (1 = 2)vi) [| + | Ui (v + (1 — A)vie) — Ui | (4.17)

<2k = ye = (1= A)vie|| + |7 = Ui) (e + (1 = A)wi) |
<2loee = yell + 2/ (1= A)vi[ + | (T = Ui) (e + (1 = A)vi) [,
combining (4.5), (4.14) and (4.16), we can get

lim ||x; — Uixg|| = 0 (4.18)
k—yo0
for all 1 <i < p. It follows from (4.5), (4.16) and
[26+1 = 2icll = [y = Avier — x| < [yie = x| + A v |
that
lim ||xg41 —xx]| = 0. (4.19)
k—yo0

So, {xx} is asymptotically regular. Then we have
lim HAka —Aka = 0,
k—ro0

which infers that {Ax;} is asymptotically regular.

Next, we prove that ,,(x;) C T". Assume thatX € @,,(x), i.e., there exists a subsequence {xy, } of {x;}
such that x;, — X, then Ax;, — AX. It follows from (4.18) and Lemma 2.11 thatx € (!_, F(U;). Since the
pool {1, 2, -+, r} is finite, by the same reason of Theorem 3.2, we have Ax € (j_, F(7}). Sox € I', and
hence w,,(x;) CT. By Lemma 2.10, we can get x; — x*, and hence (vg,x;) — (0,x%), where x* € I". [

Next, we propose another mixed cyclic and parallel iterative algorithm for solving the MSCFP (1.5)
of averaged operators.

Algorithm 4.3. (Inner parallel and outer cyclic iterative algorithm) Let xo € Hy,yo € H» be arbitrary. For
k>1,
Ve =Xe— %X B{A*(I - T))Ax,
Vi1 = (I = Uj()) 0k + (1 = A)we), (4.20)
X1 = Yk — AVis 1,

where ¥ € (0, t\lz‘{HZ)’ 0<A<1.

Theorem 4.4. Assume that 0 < s < % 0 < liminfy_,e Y < limsupy_. % < W and liminf;_.. Bkj >
0(1 < j <r). Then the sequence {x;} generated by Algorithm 4.3 weakly converges to a solution x* of
MSCFP (1.5). Moreover, ||x; — xp+1|| — 0 and ||Axy — Axpi1]| — 0 as k — oo.

Proof. Taking x* € I, by the same reason of Theorem 3.2, we know (3.6) holds. Since, forall 1 < j <r,
(xp —x" A" (I — Tj)Axy) =(Axy —Ax™, (I — Tj)Axy — (I — Tj)Ax™)

! .
> (=T Ax — (1= Ty Ax"||*
lj

1
>l =T)Ax P,
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we have 5
e — x|

=l =% Y BIAT(I = Tp)Ax —x7||?
j=1

v x| =23l — ", Y BT~ Tp)Axw) + 71| Y BIA" (I~ T)Ax|P

j=1 j=1
“2 Y - - 5 (4.21)
<l =217 = 2% Y B (o =" A (1= TAxe) + % Y BLIIA* (= Tj) A |
j=1 j=1
,yk r . r
<l = XA s+ A Zﬁku (1= Ty)Ax?)
) r
=[x — x"[|7 = 7 f—YkHAH Z N1 —T))Ax]).
It follows from (3.6) and (4.21) that
ekt =12+ A e |
e e **YkllAH Zﬁkl\ (I = Ty)Ax?)
1
A=) [ell? = 2 (1= 2) i = we? — A =2)|vest [1? (4.22)

* 1 - j
= — x> + A e |* — T = %lAIP) (Y BT —T))Ax )
J=1

1
= 22wl = A = ) vieer = vil* = A (< = 2) v I,
Similar to the proof of Theorem 3.2, we have
li U1 —Ty)Axe|* = 1i =0
Jim 3% BN =T = Jim ]
which implies that
lim /(7 7)Ax] = 0
k—ro0

for all 1 < j < r. And we can get lim;_,.. ||xx —x*||* exists. By the same proof of Theorem 3.2, we have
@, (x;) C T and x; — x*, where x* is a solution of MSCFP (1.5). O

Finally, similar to Corollary 3.3 we obtain two mixed iterative algorithms to solve MSFP (1.1). As-
sume that the solution set @ of MSFP (1.1) is nonempty.

Corollary 4.5. For any given xy € Hy,vy € Hy, define a sequence {(vg,xi)} by the following procedure
Yk = Xk — ’}/kA* (1 — PQj(k) )Axk,
Vi+1 = (I_le):l a,iPCi)(yk‘i‘(l_l)Vk), (423)
X1 = Yk — AViy1,

where 0 < A <1, 0 < liminfy_o % < limsup;_,. % < TAE and liminf;_,e, Ock > 0(1 <i< p). Then the

Xk4-1 || —0and HAxk —Axk+1 || —0

HAI
sequence {x; } weakly converges to a solution x* € ®. Moreover,

as k — oo,
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Corollary 4.6. For any given xo € Hy,vy € H,, define a sequence {(vy,xi)} by the following procedure

Ve =Xk — Y Xy BIA*(I - Py,)Axy,
Virl = (I_Pci(k))(yk—i_(l_l)vk% (4.24)
Xir1 = Yk — AVis,

where 0 < A < 1, 0 < liminfy_e e < limsup;_,., T < W and liminf;_,., ﬁkj > 0(1 < j <r). Then the
sequence {xi } weakly converges to a solution x* € ®. Moreover, ||xy —xy41|| — 0 and ||Axy — Axpy1]| — 0
as k — oo.

Remark 4.7. When A = 1, for solving MSFP (1.1), algorithms (4.23) and (4.24) become the following

mixed cyclic and parallel iterative algorithm:
p .
Xk+1 = OC;(PCI. (xk - ykA* (I - PQj(k) )Axk)
i=1
and
r .
Xier1 = Poy (i — 1 Y, BJA™ (I — Po,)Axy).
j=1

So, Theorem 4.2 and Theorem 4.4 extend the related results of Tang and Liu [32] (Corollary 4.3 and 4.4)

for solving the MSFP.
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